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This paper assesses the potential of Synthetic Aperture Radar (SAR) in the C and L bands to penetrate into the canopy cover of wheat, maize and grasslands. For wheat and grasslands, the sensitivity of the C and L bands to in situ surface soil moisture (SSM) was first studied according to three levels of the Normalized Difference Vegetation Index (NDVI < 0.4, 0.4 < NDVI < 0.7, and NDVI > 0.7). Next, the temporal evolution of the SAR signal in the C and L bands was analyzed according to SSM and the NDVI. For wheat and grasslands, the results showed that the L-band in HH polarization penetrates the canopy even when the canopy is well-developed (NDVI > 0.7), whereas the penetration of the C-band into the canopy is limited for an NDVI < 0.7. For an NDVI less than 0.7, the sensitivity of the radar signal to SSM is approximately 0.27 dB/vol.% for the L-band in HH polarization and approximately 0.12 dB/vol.% for the C-band (in both VV and VH polarizations). For highly developed wheat and grassland cover (NDVI > 0.7), the sensitivity of the L-band in HH polarization to SSM is approximately 0.19 dB/vol.%, whereas as the C-band is insensitive to SSM. For maize, only the temporal evolution of the C-band according to SSM and the NDVI was studied because the swath of SAR images in the L-band did not cover the maize plots. The results showed that the C-band in VV polarization is able to penetrate the maize canopy even when the canopy is well developed (NDVI > 0.7) due to high-order scattering along the soil-vegetation pathway that contains a soil contribution. According to results obtained in this paper, the L-band would penetrate a well-developed maize cover since the penetration depth of the L-band is greater than that of the C-band.

Introduction

Monitoring the surface soil moisture (SSM) in agricultural areas at the plot scale helps in many applications such as irrigation planning and crop management [START_REF] Cepuder | Irrigation management by means of soil moisture sensor technologies[END_REF]. Over the last decade, SAR (Synthetic Aperture Radar) data have shown great potential in the estimation of SSM in agricultural areas [START_REF] Aubert | Analysis of TerraSAR-X data sensitivity to bare soil moisture, roughness, composition and soil crust[END_REF][START_REF] Baghdadi | Retrieving surface roughness and soil moisture from SAR data using neural networks[END_REF][START_REF] Srivastava | Large-area soil moisture estimation using multi-incidence-angle RADARSAT-1 SAR data[END_REF][START_REF] Baghdadi | Estimation of soil parameters over bare agriculture areas from C-band polarimetric SAR data using neural networks[END_REF][START_REF] Zribi | Soil moisture mapping based on ASAR/ENVISAT radar data over a Sahelian region[END_REF][START_REF] Zribi | New methodology for soil surface moisture estimation and its application to ENVISAT-ASAR multi-incidence data inversion[END_REF][START_REF] Zribi | A new soil roughness parameter for the modelling of radar backscattering over bare soil[END_REF][START_REF] Tomer | Retrieval and multi-scale validation of soil moisture from multi-temporal SAR data in a semi-arid tropical region[END_REF]. Numerous studies have assessed the potential of SAR data in the X and C bands for SSM estimates, whereas few studies have been conducted using the L-band due to the low availability of L-band data and the high availability of several SAR sensors operating in X and C bands [START_REF] Aubert | Analysis of TerraSAR-X data sensitivity to bare soil moisture, roughness, composition and soil crust[END_REF][START_REF] Zribi | New methodology for soil surface moisture estimation and its application to ENVISAT-ASAR multi-incidence data inversion[END_REF][START_REF] Zribi | A new empirical model to retrieve soil moisture and roughness from C-band radar data[END_REF][START_REF] Aubert | Toward an Operational Bare Soil Moisture Mapping Using TerraSAR-X Data Acquired Over Agricultural Areas[END_REF][START_REF] Baghdadi | Evaluation of Radar Backscattering Models IEM, Oh, and Dubois for SAR Data in X-Band Over Bare Soils[END_REF][START_REF] Baghdadi | A potential use for the C-band polarimetric SAR parameters to characterize the soil surface over bare agriculture fields[END_REF][START_REF] Baghdadi | Use of TerraSAR-X data to retrieve soil moisture over bare soil agricultural fields[END_REF][START_REF] Zribi | A method for soil moisture estimation in Western Africa based on the ERS scatterometer[END_REF][START_REF] El Hajj | Irrigated grassland monitoring using a time series of terraSAR-X and COSMO-skyMed X-Band SAR Data[END_REF][START_REF] El Hajj | Synergic use of Sentinel-1 and Sentinel-2 images for operational soil moisture mapping at high spatial resolution over agricultural areas[END_REF][START_REF] El Hajj | Soil moisture retrieval over irrigated grassland using X-band SAR data[END_REF][START_REF] Baghdadi | Coupling SAR C-Band and Optical Data for Soil Moisture and Leaf Area Index Retrieval Over Irrigated Grasslands[END_REF][START_REF] King | Remote-sensing data as an alternative input for the 'STREAM'runoff model[END_REF]. Currently, C-band data provided by Sentinel-1 (S1) two-satellite constellation offer a good opportunity for operational SSM mapping in agricultural areas because S1 provides free and open access data at a high spatial resolution (10 m × 10 m) and a high revisit time (6 days over Europe) [START_REF] Geudtner | Sentinel-1 System capabilities and applications[END_REF].

Several studies have developed operational methods that use S1 SAR data (C-band) to estimate SSM at the plot scale and high revisit times [START_REF] Tomer | Retrieval and multi-scale validation of soil moisture from multi-temporal SAR data in a semi-arid tropical region[END_REF][START_REF] El Hajj | Synergic use of Sentinel-1 and Sentinel-2 images for operational soil moisture mapping at high spatial resolution over agricultural areas[END_REF][START_REF] Paloscia | Soil moisture mapping using Sentinel-1 images: Algorithm and preliminary validation[END_REF][START_REF] Mattia | Sentinel-1 high resolution soil moisture[END_REF][START_REF] Gao | Synergetic use of Sentinel-1 and Sentinel-2 data for soil moisture mapping at 100 m resolution[END_REF]. Methods developed by El Hajj et al. [START_REF] El Hajj | Synergic use of Sentinel-1 and Sentinel-2 images for operational soil moisture mapping at high spatial resolution over agricultural areas[END_REF] and Paloscia et al. [START_REF] Paloscia | Soil moisture mapping using Sentinel-1 images: Algorithm and preliminary validation[END_REF] use a neural network technique to invert the C-band signal and estimate SSM. These methods consist of using backscattering models to first generate synthetic database of SAR backscattering coefficients for wide ranges of soil conditions (soil moisture and roughness) and one vegetation parameter (for example NDVI, LAI, or vegetation water content). Then, train neural networks (NNs) for soil moisture estimation using the generated synthetic database. For the NNs training, the input vector is composed of SAR information (polarization and incidence angle) and one vegetation parameter (NDVI, LAI or vegetation water content) and the output vector contains the soil moisture only. The method for SSM estimation at high spatial resolution developed by Mattia et al. [START_REF] Mattia | Sentinel-1 high resolution soil moisture[END_REF] is a change detection approach that requires an SAR time series with a high revisit time. The change detection method supposes that the change in backscattering coefficients between two successive dates is only related to change in the soil moisture level while roughness and vegetation conditions is considered to remain stable. Even though those methods are operational, they may have limitations related to the penetration depth of SAR signals into the canopy cover. Indeed, in the case of low penetration depth, i.e., the emitted SAR wave cannot reach the underlying soil or the soil contribution to the backscattered wave is negligible, the SAR signal becomes insensitive to soil moisture and the estimated values of SSM are thus unreliable. The penetration depth into vegetation cover, as well as the behavior of SAR signals, depends on crop type and canopy growth stage [START_REF] El Hajj | Synergic use of Sentinel-1 and Sentinel-2 images for operational soil moisture mapping at high spatial resolution over agricultural areas[END_REF][START_REF] Baghdadi | Calibration of the Water Cloud Model at C-Band for Winter Crop Fields and Grasslands[END_REF][START_REF] Joseph | Effects of corn on C-and L-band radar backscatter: A correction method for soil moisture retrieval[END_REF]. For instance, El Hajj et al. [START_REF] El Hajj | Synergic use of Sentinel-1 and Sentinel-2 images for operational soil moisture mapping at high spatial resolution over agricultural areas[END_REF] reported that the penetration depth of the C-band SAR signals into wheat and grassland canopies becomes low when the NDVI (Normalized Difference Vegetation Index) surpasses 0.7 (no sensitivity to soil moisture). In contrast, for maize crop, Joseph et al. [START_REF] Joseph | Effects of corn on C-and L-band radar backscatter: A correction method for soil moisture retrieval[END_REF] reported that the observed C-band backscattering response to soil moisture is notable even when the canopy is at peak biomass, which indicates that the C-band penetrates the well-developed maize canopy. Therefore, to better determine the possible limitations of the C-band for SSM estimates, it is important to assess the potential of the C-band to penetrate into the canopy cover. This can be realized by analyzing the temporal evolution of the C-band according to SSM variations and canopy development phases during a growth cycle [START_REF] Joseph | Effects of corn on C-and L-band radar backscatter: A correction method for soil moisture retrieval[END_REF].

The use of the L-band could overcome the limitations of the C-band for SSM estimates in the presence of well-developed canopy cover since the L-band (~24 cm) is characterized by a large penetration depth into the crop canopy [START_REF] Ulaby | Microwave Remote Sensing: Active and Passive[END_REF]. Currently, several passive microwave radiometers operational in the L-band, including SMOS (Soil Moisture and Ocean Salinity) [START_REF] Kerr | The SMOS mission: New tool for monitoring key elements ofthe global water cycle[END_REF] and SMAP (Soil moisture Active and Passive) [START_REF] Entekhabi | The soil moisture active passive (SMAP) mission[END_REF], provide SSM estimates at a very high revisit time (up to 1 day) and a very low spatial resolution (25 km-36 km). The low spatial resolution makes the available sensors in the L-band useless for local and regional hydrology applications and agricultural management. Currently, the only available SAR L-band data are provided by the Phased Array Synthetic Aperture Radar (PALSAR-2) onboard the Advanced Land Observing Satellite (ALOS-2). Research on the potential of ALOS-2/PALSAR-2 L-band SAR data at a high spatial resolution to estimate the SSM with the presence of crop cover is too limited [START_REF] Narvekar | Soil moisture retrieval using L-band radar observations[END_REF][START_REF] Bruscantini | L-band radar soil moisture retrieval without ancillary information[END_REF]. The arrival of the L-band SAR sensor SAOCOM-1A (Satélite Argentino de Observación COn Microondas, launched on 08 October 2018) and the planned satellites SAOCOM-1A (launch planned on 2018) and NISAR (NASA-ISRO SAR, launch planned on 2021) illustrate the interest in the L-band for many applications in agricultural and hydrological domains.

Finally, it is worth to mention that even when the SAR signal penetrates the vegetation cover, the SAR derived SSM could be not very accurate for very smooth and very rough plot [START_REF] Lievens | Error in radar-derived soil moisture due to roughness parameterization: An analysis based on synthetical surface profiles[END_REF]. Indeed, the backscattering from soil is a sum of SSM and surface roughness contributions [START_REF] Ulaby | Microwave Remote Sensing: Active and Passive[END_REF]. For a given SSM condition and vegetation parameter, the soil backscattering increases as soil roughness increases. For instance, El Hajj et al. [START_REF] El Hajj | Synergic use of Sentinel-1 and Sentinel-2 images for operational soil moisture mapping at high spatial resolution over agricultural areas[END_REF] reported that the SSM derived from C-band SAR data is highly overestimated and highly underestimated (by about 10 vol.%) for very rough (roughness > 3 cm) and very smooth (roughness < 1 cm) plots, respectively.

The goal of this paper is to investigate the potential of SAR data in the C and L bands to penetrate into crop cover in all vegetation growth phases. In this paper, the ability of the L-band to penetrate into wheat and grassland canopies, as well as the potential of the C-band to penetrate into wheat, grassland, and maize canopies were investigated. The potential of the L-band to penetrate the maize canopy could not be analyzed because our SAR images in the L-band did not cover our maize plots. The penetration ability was assessed by analyzing the sensitivity of the SAR signal to soil moisture and by studying the temporal evolution of the SAR signal according to SSM and NDVI variations during one complete growth cycle. This paper includes four parts. The second part provides descriptions of the study site and the dataset used. The third part presents the data analysis. Finally, the fourth part gives the main conclusions.

Study Site and Dataset Description

Study Site

The study site is a relatively flat area located in the Occitanie region in the southwest of France (centered on 3.80 • E and 43.67 • N, Figure 1). The climate of the study site is Mediterranean with a rainy season between mid-October and March and an average cumulative rainfall of approximately 750 mm. The average air temperature varies between 3 • C and 29 • C. The study site is composed mainly of forest, vineyard, grassland, maize, and wheat. In total, 30 reference plots (11 grassland, 14 wheat, and 5 maize plots) between 0.6 and 9 ha in area were selected to perform our study. The topsoil texture of the reference plots is sandy loam [START_REF] Sol | L'état des sols de France[END_REF] (https://www.gissol.fr/donnees/cartes/la-texture-des-horizonssuperieurs-du-sol-en-france-metropolitaine-1883). A total of 12 ALOS-2/PALSAR-2, 49 Sentinel-1 (S1), and 24 Sentinel-2 (S2) images acquired between January 2017 and August 2018 were used in this study. In addition, in situ campaigns were conducted simultaneously with SAR acquisitions to collect in situ measurements of SSM in the reference plots.
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Dataset Description

SAR Data

A total of 49 SAR images obtained from the Sentinel-1 (S1) constellation operating in the C-band (wavelength ~6 cm) were used. S1 images were downloaded from the Copernicus web site (https://scihub.copernicus.eu/dhus/#/home) for the period between January 2017 and May 2017. The S1 images were in the Interferometric Wide (IW) swath mode (primary conflict-free mode for land) with VV and VH polarizations, and they were generated from the high-resolution Level-1 Ground Range Detected product with a spatial resolution of 10 m × 10 m. For all S1 images, the study site was imaged with an incidence angle (θ) of approximately 39°.

Moreover, 12 SAR images in the L-band (wavelength ~24 cm) acquired by the Phased Array Synthetic Aperture Radar (PALSAR-2) onboard the Advanced Land Observing Satellite (ALOS-2) were used. The ALOS-2 SAR images are in mono-, dual-, and quad-polarization (Table 1). ALOS-2 data in mono-and quad-polarization have pixel sizes of 3 m × 3 m, whereas ALOS-2 data in dual- 
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A total of 49 SAR images obtained from the Sentinel-1 (S1) constellation operating in the C-band (wavelength ~6 cm) were used. S1 images were downloaded from the Copernicus web site (https: //scihub.copernicus.eu/dhus/#/home) for the period between January 2017 and May 2017. The S1 images were in the Interferometric Wide (IW) swath mode (primary conflict-free mode for land) with VV and VH polarizations, and they were generated from the high-resolution Level-1 Ground Range Detected product with a spatial resolution of 10 m × 10 m. For all S1 images, the study site was imaged with an incidence angle (θ) of approximately 39 • . Moreover, 12 SAR images in the L-band (wavelength ~24 cm) acquired by the Phased Array Synthetic Aperture Radar (PALSAR-2) onboard the Advanced Land Observing Satellite (ALOS-2) were used. The ALOS-2 SAR images are in mono-, dual-, and quad-polarization (Table 1). ALOS-2 data in mono-and quad-polarization have pixel sizes of 3 m × 3 m, whereas ALOS-2 data in dual-polarization have a spatial resolution of 6 m × 6 m. In this study, the L-band in VV polarization was not used because only two images contained the VV polarization. S1 and ALOS-2 images were calibrated using the Sentinel-1 Toolbox (S1TBX) developed by the European Spatial Agency. The calibration aims to convert digital number values of ALOS-2 and S1 images into backscattering coefficients in linear units. For each reference plot, the mean backscattering coefficient in linear scale was calculated from each calibrated SAR image by averaging the σ • values of all pixels within that reference plot.

The mean of L-band backscattering coefficients acquired at various incidence angles (θ between 27.4 • and 40.5 • ) were normalized at a given reference incidence angle (θ re f ). The normalization was done using the following equation [START_REF] Baghdadi | Evaluation of C-band SAR data for wetlands mapping[END_REF][START_REF] Topouzelis | Incidence angle normalization of Wide Swath SAR data for oceanographic applications[END_REF]:

σ 0 re f = σ 0 θ cos n θ re f cos n (θ) (1) 
where σ 0 θ is the backscattering coefficient at the θ incidence angle, and σ 0 re f is the backscattering coefficient at the θ re f incidence angle. The power index n, which depends on the nature of the target imaged and polarization (for a given radar wavelength), is defined as the slope of a linear fit between σ 0 θ in dB and the 10 log(cos θ) [START_REF] Baghdadi | Evaluation of C-band SAR data for wetlands mapping[END_REF][START_REF] Baghdadi | Potential of SAR sensors TerraSAR-X, ASAR/ENVISAT and PALSAR/ALOS for monitoring sugarcane crops on Reunion Island[END_REF][START_REF] Mladenova | Validation of the ASAR global monitoring mode soil moisture product using the NAFE'05 data set[END_REF][START_REF] Ardila | Angular backscatter variation in L-band ALOS ScanSAR images of tropical forest areas[END_REF]. In this study, θ re f was considered equal to 37 • . The normalization of the backscattering coefficient was performed using Equation [START_REF] Cepuder | Irrigation management by means of soil moisture sensor technologies[END_REF] with n-values of 3.1 for HH and 2.0 for HV. To determine these n-values, first the slope of the linear fit between σ 0 θ in dB and 10 log(cos θ) was computed for each target condition (elements of our dataset with close values of SSM, root mean square surface height (Hrms), and NDVI) and each polarization. Then, for each polarization, all slope values calculated for different target conditions were averaged to determine the n-value for that polarization [START_REF] Baghdadi | Evaluation of C-band SAR data for wetlands mapping[END_REF][START_REF] Baghdadi | Potential of SAR sensors TerraSAR-X, ASAR/ENVISAT and PALSAR/ALOS for monitoring sugarcane crops on Reunion Island[END_REF][START_REF] Mladenova | Validation of the ASAR global monitoring mode soil moisture product using the NAFE'05 data set[END_REF][START_REF] Ardila | Angular backscatter variation in L-band ALOS ScanSAR images of tropical forest areas[END_REF]. Using SAR data in the C-band, Baghdadi et al. [START_REF] Baghdadi | Evaluation of C-band SAR data for wetlands mapping[END_REF] showed from a study in a wetland that the power n has higher values for HH-polarization (n ~2.5) compared to HV-polarization (n ~1.7). For the L-band in HH-polarization, Ardila et al. [START_REF] Ardila | Angular backscatter variation in L-band ALOS ScanSAR images of tropical forest areas[END_REF] found that the n-value varied between 0.2 and 3.4 depending on vegetation type and season with the highest occurring in savanna areas.

Sentinel-2 Images

A total of 24 free optical images were obtained from the S2 constellation between 01/01/2017 and 31/08/2018. The S2 images were downloaded from the Theia website at the French Land Data Center (https://www.theia-land.fr/). The Theia website provides S2 images corrected for atmospheric effects and ortho-rectified [START_REF] Hagolle | A multi-temporal method for cloud detection, applied to FORMOSAT-2, VENµS, LANDSAT and SENTINEL-2 images[END_REF][START_REF] Hagolle | A multi-temporal and multi-spectral method to estimate aerosol optical thickness over land, for the atmospheric correction of formosat-2, Landsat, venµs and Sentinel-2 images[END_REF]. The NDVI maps were computed using the Near-infrared (NIR) and Red (R) bands of the S2 images (Equation ( 2)). From each S2 image, the NDVI pixel values within each reference plot were averaged to characterize the vegetation condition of that plot. Finally, for each reference plot, to derive NDVI values at the SAR acquisition date, a linear interpolation was performed using the NDVI values corresponding to the S2 images acquired before and after the SAR acquisition date. For the reference plots, the NDVI values ranged between 0.10 (almost bare soil) and 0.92 (vegetation height ~85 cm).

NDV I = N IR -R N IR + R (2) 

In Situ Measurements

In situ measurements of SSM were performed only in wheat and grassland reference plots. For maize reference plots, only the irrigation practices were recorded. For grassland and wheat plots, the SSM was measured in the top 5 cm of soil by means of a TDR (Time Domain Reflectometry) probe well calibrated using gravimetric SSM measurements. For each reference plot, twenty-five to thirty measurements of volumetric SSM well distributed in the plot, were performed within a 2-hour window of the ALOS-2 and S1 acquisition time. All SSM measurements within each plot were averaged to provide a mean value for that plot. The range of SSM values was 7.0 to 36.3 vol.%.

The soil roughness parameter defined by the root mean square surface height (Hrms) was not directly measured. However, a qualitative observation on roughness was made for each plot at each field campaign performed the same day of SAR acquisition. Roughness qualitative observations were sorted into three classes: smooth areas (sowing) with Hrms less than 1 cm, medium roughness areas (slightly plowed soil) with Hrms between 1 cm and 2 cm, and rough areas (well plowed soil) with Hrms higher than 2 cm. The roughness value attributed for each reference plot at each field campaign is certainly approximate, but our experience in collecting roughness measurements over the past 20 years let's assume that this attributed value is fairly reliable.

For grasslands and wheat plots, two datasets were built: one for the L-band and one for the C-band (177 elements in the L-band and 335 elements in the C-band). In both datasets, each element represents a reference plot at a given SAR acquisition date with the associated mean SSM value, SAR information (mean of incidence angle and mean of backscattering coefficients), and mean NDVI-value. The majority of elements have roughness values between 1 and 2 cm. For data in L-band, 12 elements of the dataset have roughness values lower than 1 cm, 156 elements have roughness values between 1 and 2 cm, and 9 elements have roughness values higher than 2 cm. For data in the C-band, 16 elements of the dataset have roughness less than 1 cm, 268 elements have roughness between 1 and 2 cm, and 51 elements have roughness higher than 2 cm. For maize plots, the dataset contains only rainfall records and SAR data in the C-band, since the swath of SAR ALOS-2 images does not cover our maize reference plots.

Data Analysis

In this section, the potential of SAR signals in the C and L bands to penetrate the canopy cover of wheat and grasslands was investigated. For this investigation, the sensitivity of SAR data (C and L bands) to SSM was studied according to three classes of NDVI (NDVI < 0.4, 0.4 < NDVI < 0.7, and NDVI > 0.7), and the temporal evolution of SAR data according to SSM and NDVI variations was analyzed. Furthermore, the potential of SAR data in the C-band to penetrate the maize canopy was assessed by analyzing the temporal evolution of the C-band according to SSM and NDVI variations.

Sensitivity of L-Band to SSM for Wheat and Grasslands

Figure 2 shows the sensitivity of the normalized SAR signal in the L-band as a function of SSM for three ranges of NDVI for wheat and grasslands plots. For NDVI between 0.1 and 0.7 (well-developed canopy cover), the sensitivity of the L-band in HH polarization (L-HH) to SSM remains unchanged (Figure 2a,c), whereas as the sensitivity of the L-band in HV polarization (L-HV) to SSM decreases with vegetation growth (Figure 2b,d). The decrease in the sensitivity of the L-HV with vegetation growth (increase in the NDVI) is related to the attenuation of the soil scattering by the vegetation volume, which is more important in HV than in HH [START_REF] Brown | High-resolution measurements of scattering in wheat canopies-Implications for crop parameter retrieval[END_REF][START_REF] Picard | Understanding C-band radar backscatter from wheat canopy using a multiple-scattering coherent model[END_REF][START_REF] Mattia | Multitemporal C-band radar measurements on wheat fields[END_REF][START_REF] Cookmartin | Modeling microwave interactions with crops and comparison with ERS-2 SAR observations[END_REF]. Moreover, the results showed that in contrast to the L-HV, the L-HH signal is still sensitive to SSM even in the case of well-developed canopy cover (NDVI > 0.7) (Figure 2e,f). The sensitivity of the L-HH to SSM is approximately 0.27 dB/vol.% for an NDVI between 0.1 and 0.7 and decreases slightly to 0.19 dB/vol.% for an NDVI higher than 0.7 (Figure 2a,c,e). The L-HV is sensitive to SSM only in the case of NDVI values less than 0.7. The sensitivity of the L-HV is 0.20 dB/vol.% for an NDVI between 0.1 and 0.4 and 0.15 dB/vol.% for an NDVI between 0.4 and 0.7. For an NDVI above 0.7, the L-HV becomes insensitive to SSM (sensitivity = 0.04 dB/vol.%, Figure 2f). As a result, the use of the L-HH instead of the L-HV would allow better SSM estimates in the presence of vegetation cover.
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Figure 3 shows the sensitivity of the C-band in VV (C-VV) and VH (C-VH) polarizations to SSM for different NDVI ranges. For an NDVI between 0.1 and 0.7, the sensitivity of the C-VV and C-VH (incidence angle approximately 39 • ) to SSM is approximately 0.13 dB/vol.% and 0.10 dB/vol.%, respectively (Figure 3a-d). Moreover, Figure 3 shows that crop growth until an NDVI of 0.7 (vegetation height of 70 cm and LAI of approximately 1.5 m 2 /m 2 ) does not attenuate the C-band SAR signal since the sensitivity of C-band to SSM is the same for an NDVI between 0 and 0.4 and for an NDVI between 0.4 and 0.7 (Figure 3a-d). For NDVI values higher than 0.7, the C-VV and C-VH become insensitive to SSM for SSM between 5 and 36 vol.% (Figure 3e,f). This is due to the high attenuation of C-band SAR signal by the well-developed vegetation cover. The insensitivity of C-band SAR to SSM in case of well-developed vegetation was reported in the study of Baghdadi et al. [START_REF] Baghdadi | Coupling SAR C-Band and Optical Data for Soil Moisture and Leaf Area Index Retrieval Over Irrigated Grasslands[END_REF]. In Baghdadi et al. [START_REF] Baghdadi | Coupling SAR C-Band and Optical Data for Soil Moisture and Leaf Area Index Retrieval Over Irrigated Grasslands[END_REF], the sensitivity of the radar signal in the C-band (VV polarization and 38 • -47 • incidence angles) was of 0.11 dB/vol.% and 0.05 dB/vol.% for grassland biomasses less than and greater than 1 kg/m 2 (NDVI ~0.7), respectively.
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Temporal Behavior of the L-and C-Bands According to the SSM and NDVI for Wheat and Grasslands

In this section, the temporal evolution of SAR backscattering in the L and C bands according to soil moisture and NDVI variations is analyzed first. Next, the behavior of the C-band backscattering during one complete growth cycle of wheat and grassland is discussed. Unfortunately, studying the behavior of the L-band backscattering during one complete growth cycle was not possible because the number of images was limited.

Figure 4 shows the temporal variation of radar signals in the C and L bands according to the SSM and NDVI for one wheat reference plot (Figure 4a) and one grassland reference plot (Figure 4b). For the wheat plot, Figure 4a shows that between 19/02/2017 and 02/04/2017, the SSM increases by 6.0 vol.%, the NDVI increases from 0.34 to 0.93, the C-VV decreases by 3.2 dB, and the L-HH increases by 3.5 dB. Later, between 02/04/2017 and 09/05/2017 with an NDVI approximately 0.9, the SSM increases by 4 vol.%, the C-VV decreases by 2.1 dB, and the L-HH increases by 0.7 dB. For well-developed vegetation cover (NDVI > 0.7), the decrease in the C-VV as the SSM increases indicates that attenuation caused by the canopy dominates the soil contribution. In the other hand, the increase in the L-HH with the increase in the SSM was expected since the L-HH, as shown in Figure 2, is still sensitive to soil moisture even when the canopy is well-developed (NDVI > 0.7). Therefore, in contrast to the C-VV, the L-HH incident wave penetrates the canopy layer and the L-HH backscattered wave is sensitive to SSM under the well-developed vegetation layer (NDVI > 0.7). Similar results were observed for the grassland plot (Figure 4b). For instance, between 02/04/2017 and 09/05/2017, when the NDVI is higher than 0.7, the SSM increases by 6.5 vol.%, the C-VV decreases by 1.9 dB, and the L-HH increases by 1.1 dB (Figure 4b). The potential of the L-HH and the inability of the C-VV to penetrate the canopy for an NDVI > 0.7 were also demonstrated for all wheat and grassland reference plots. For each reference plot with an NDVI higher than 0.7, the difference in backscattering between two successive dates (∆σ 0 ) was computed (the backscattering coefficient of the previous date t-1 was subtracted from that of the later date t). Then, ∆σ 0 was plotted against of the difference of the SSM (∆SSM) (Figure 5). For the L-HH, Figure 5 shows that ∆σ 0 and ∆SSM are well correlated (R 2 = 0.95). This high correlation indicates that for all reference wheat and grassland plots, the L-HH is sensitive to SSM for well-developed vegetation cover (NDVI > 0.7), and the sensitivity of L-HH to SSM is almost the same for all reference plots. This demonstrates the penetration ability of the L-band into vegetation cover for an NDVI > 0.7. For the C-band and an NDVI higher than 0.7, a ∆σ 0 close to 0 is obtained for all ∆SSM between -15 vol.% and 15 vol.% (positive ∆SSM-values correspond to an increase of SSM and negative ∆SSM correspond to a decrease of SSM between two successive dates). Thus, for all reference plots, the incident C-band wave does not penetrate the vegetation layer for well-developed vegetation cover, or the C-band backscattered wave received by the SAR contains a negligible SSM contribution (impossible to detect an increase or decrease in soil moisture).

(a) (b) Figure 4a,b show very clearly that in the early season, approximately until the end of February (NDVI< 0.7), the radar backscattering coefficient for wheat and grassland is dominated by direct scattering from the soil. The C-VV variation is due to the SSM variation: σ increases following rainfall (i.e., increase in soil moisture) and decreases during a time span without rainfall due to soil evaporation (i.e., decrease in soil moisture). Between the end of February and the end of April (NDVI > 0.7), the backscattering decreases with stem elongation due to the attenuation of the direct ground scattering. This decrease is due to vertical stems and leaves that produce high absorption of the incident SAR wave associated with weak direct scattering [START_REF] Mattia | Multitemporal C-band radar measurements on wheat fields[END_REF][START_REF] Del Frate | Wheat cycle monitoring using radar data and a neural network trained by a model[END_REF]. The SAR signal reaches a minimum value (-17.8 dB) on 20/04/2017 (NDVI ~0.9) due to the strong attenuation produced by the longer stems. As a result, for the period extending from the end of February and the end of April, the ground backscatter attenuated by the canopy is the dominant mechanism [START_REF] Brown | High-resolution measurements of scattering in wheat canopies-Implications for crop parameter retrieval[END_REF][START_REF] Picard | Understanding C-band radar backscatter from wheat canopy using a multiple-scattering coherent model[END_REF]. At the beginning of the heading phase and during grain filling (between beginning of May and the end of June), the backscattering values start increasing due to the increase in direct scattering from ears and later from grain [START_REF] Picard | Understanding C-band radar backscatter from wheat canopy using a multiple-scattering coherent model[END_REF][START_REF] Mattia | Multitemporal C-band radar measurements on wheat fields[END_REF]. Therefore, for this period, the scattering from the upper canopy elements is the dominant mechanism [START_REF] Brown | High-resolution measurements of scattering in wheat canopies-Implications for crop parameter retrieval[END_REF]. From the end of June (NDVI < 0.7), the backscattering becomes sensitive to SSM due to the decrease of canopy attenuation associated with an increase of direct ground scattering. This decrease of canopy attenuation is due to vegetation drying [START_REF] Del Frate | Wheat cycle monitoring using radar data and a neural network trained by a model[END_REF]. For the grassland plot, until the beginning of April (NDVI < 0.7), the behavior of the SAR signal depends on soil moisture variations: it increases when the soil moisture increases following rainfall and decreases VV increases following rainfall (i.e., increase in soil moisture) and decreases during a time span without rainfall due to soil evaporation (i.e., decrease in soil moisture). Between the end of February and the end of April (NDVI > 0.7), the backscattering decreases with stem elongation due to the attenuation of the direct ground scattering. This decrease is due to vertical stems and leaves that produce high absorption of the incident SAR wave associated with weak direct scattering [START_REF] Mattia | Multitemporal C-band radar measurements on wheat fields[END_REF][START_REF] Del Frate | Wheat cycle monitoring using radar data and a neural network trained by a model[END_REF]. The SAR signal reaches a minimum value (-17.8 dB) on 20/04/2017 (NDVI ~0.9) due to the strong attenuation produced by the longer stems. As a result, for the period extending from the end of February and the end of April, the ground backscatter attenuated by the canopy is the dominant mechanism [START_REF] Brown | High-resolution measurements of scattering in wheat canopies-Implications for crop parameter retrieval[END_REF][START_REF] Picard | Understanding C-band radar backscatter from wheat canopy using a multiple-scattering coherent model[END_REF]. At the beginning of the heading phase and during grain filling (between beginning of May and the end of June), the backscattering values start increasing due to the increase in direct scattering from ears and later from grain [START_REF] Picard | Understanding C-band radar backscatter from wheat canopy using a multiple-scattering coherent model[END_REF][START_REF] Mattia | Multitemporal C-band radar measurements on wheat fields[END_REF]. Therefore, for this period, the scattering from the upper canopy elements is the dominant mechanism [START_REF] Brown | High-resolution measurements of scattering in wheat canopies-Implications for crop parameter retrieval[END_REF]. From the end of June (NDVI < 0.7), the backscattering becomes sensitive to SSM due to the decrease of canopy attenuation associated with an increase of direct ground scattering. This decrease of canopy attenuation is due to vegetation drying [START_REF] Del Frate | Wheat cycle monitoring using radar data and a neural network trained by a model[END_REF]. For the grassland plot, until the beginning of April (NDVI < 0.7), the behavior of the SAR signal depends on soil moisture variations: it increases when the soil moisture increases following rainfall and decreases when the soil moisture decreases during days after a rainfall event. Between the beginning of April and the beginning of June (NDVI > 0.7), the C-VV decreases with time and is insensitive to soil moisture, which indicates that the attenuation of the SAR signal by the canopy dominates the soil contribution (the soil contribution is negligible). From the beginning of June (NDVI < 0.7), the SAR signal starts increasing due to vegetation drying and becomes sensitive to soil moisture. As a result, the C-VV backscattering is dominated by ground scattering when the NDVI of wheat and grasslands is less than 0.7, which corresponds to poorly developed and dry canopy cover. Finally, for an NDVI higher than 0.7 (very well-developed wheat and grassland cover), the C-VV is dominated by the vegetation attenuation and the soil contribution is negligible, which explains the insensitivity of the C-band to SSM for an NDVI > 0.7.

Temporal Behavior of C-Band for Maize

In this section, the behavior of the C-VV over maize is investigated. As mentioned before, studying the behavior of the L-band over maize plots was not possible because the swath of ALOS-2 images does not cover the reference maize plots. The growth cycle of maize is composed into two main stages, namely, vegetative and reproductive stages. The vegetative phase comprises planting (late April early May), end of the production of leaf collars (mid-July), and tasseling (early August). The reproductive phase comprises silking (just after tasseling), milk and dough stages (early September-mid and late September), physiological maturity (starts in October), and harvesting (end of October).

Figure 6 shows the temporal behavior of the C-VV (θ of 39 • ) and NDVI over a maize plot. At the early stage (until the end of June), the C-VV is dominated by scattering from the ground and is sensitive to SSM variations. Indeed, the C-VV increases when the SSM increases following rainfall, then the C-VV decreases when SSM decreases during days without rainfall. For instance, the C-VV increases from -12 dB on 12/05/2018 to -7.9 dB on 18/05/2017 due to cumulative rainfall of 17.1 mm occurring in the hours before SAR acquisition on 18/05/2017. Between the end of July and the end of August the NDVI remains high (approximately 0.85) and the C-VV shows sensitivity to soil moisture. Again, the C-VV decreases with a decrease in the SSM during the time span without rainfall and increases as soil moisture increases following a rain event (green circle in Figure 6). For instance, the C-VV increases from -12.5 dB on 04/08/2017 to -10.3 dB on 10/08/2017 following two rainfall events occurring on 07/08/2017 (25.5 mm) and on 10/08/2017 (10.7 mm). The observed sensitivity of the C-VV to SSM for a well-developed maize canopy is due to the scattering along the soil-vegetation pathway that becomes significant under densely vegetated conditions [START_REF] Macelloni | The relationship between the backscattering coefficient and the biomass of narrow and broad leaf crops[END_REF][START_REF] Chauhan | Discrete scatter model for microwave radar and radiometer response to corn: Comparison of theory and data[END_REF]. This significant soil-vegetation pathway scattering includes a soil moisture contribution and explains the observed sensitivity of the C-VV to soil moisture [48,49]. The sensitivity of the C-VV to SSM in the presence of well-developed maize cover was reported in the study of Joseph et al. [START_REF] Joseph | Effects of corn on C-and L-band radar backscatter: A correction method for soil moisture retrieval[END_REF]. Joseph et al. [START_REF] Joseph | Effects of corn on C-and L-band radar backscatter: A correction method for soil moisture retrieval[END_REF] found that the SSM contribution to the C-band backscattering is notable even when the maize canopy is at peak biomass. 

Conclusions

The main objective of this paper was to assess the ability of the L and C bands to penetrate the wheat, grassland, and maize canopies, which are the most frequent land covers in numerous agricultural zones in France. For wheat and grassland covers, the results showed that the L-band in HH polarization penetrates the canopy and the backscattered L-HH is sensitive to soil moisture. The sensitivity of the L-band in HH polarization is approximately 0.27 dB/vol.% and 0.19 dB/vol.% for an NDVI less than and greater than 0.7 (vegetation height of 70 cm and LAI of approximately 1.5 m 2 /m 2 ), respectively. On the other hand, the C-band in both VV and HV polarization penetrates the wheat and grassland cover only when the NDVI is less than 0.7. For an NDVI less than 0.7, the C-band sensitivity to SSM is approximately 0.12 dB/vol.% for both VV and VH polarizations. At an NDVI 
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For maize, only the ability of the C-band to penetrate the canopy was assessed because the ALOS-2 images did not cover the maize plots. The results showed that the C-VV penetrates the maize canopy even when the maize is at peak biomass (NDVI > 0.7) and the backscattered C-VV is always sensitive to soil moisture. This is due to the significant scattering along the soil-vegetation pathway that includes a soil moisture contribution. The L-band, with a wavelength much higher than the C-band, should also penetrate the maize canopy cover. Finally, for the maize crop, the sensitivity of SAR data in L and C bands to SSM was not determined because in situ SSM measurements and ALOS-2 data were not available.
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 2 Figure 2. Sensitivity of the L-band backscattering coefficient as a function of SSM for three ranges of NDVI values. (a): L-HH and 0.1 < NDVI <0.4; (b): L-HV and 0 < NDVI <0.4; (c): L-HH and 0.4 < NDVI < 0.7; (d): L-HV and 0.4 < NDVI<0.7; (e): L-HH and 0.7 < NDVI < 0.9; (f): L-HV and 0.7 < NDVI < 0.9.
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 4 Figure 4. Temporal variation of the SAR signal in the L and C bands according to in situ SSM and NDVI. (a): wheat reference plot, (b): grassland reference plot. To display NDVI and SSM values on the same axis the NDVI-values were multiplied by 50 (for instance, an NDVI-value of 0.8 corresponds to a value of 40 in Figure 4a,b). The vertical lines in red represent the rainfall events.
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 5 Figure 5. ∆𝜎 (difference in 𝜎 between two successive dates) in the L and C bands versus ∆SSM (corresponding difference of SSM) for reference plots of wheat and grassland with an NDVI greater than 0.7. Positive ∆𝜎 and ∆SSM correspond to increases between two successive dates of σ and SSM, respectively.
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  Figure4a,b show very clearly that in the early season, approximately until the end of February (NDVI< 0.7), the radar backscattering coefficient for wheat and grassland is dominated by direct scattering from the soil. The C-VV variation is due to the SSM variation: σ 0 VV increases following rainfall (i.e., increase in soil moisture) and decreases during a time span without rainfall due to soil evaporation (i.e., decrease in soil moisture). Between the end of February and the end of April (NDVI > 0.7), the backscattering decreases with stem elongation due to the attenuation of the direct ground scattering. This decrease is due to vertical stems and leaves that produce high absorption of the incident SAR wave associated with weak direct scattering[START_REF] Mattia | Multitemporal C-band radar measurements on wheat fields[END_REF][START_REF] Del Frate | Wheat cycle monitoring using radar data and a neural network trained by a model[END_REF]. The SAR signal reaches a minimum value (-17.8 dB) on 20/04/2017 (NDVI ~0.9) due to the strong attenuation produced by the longer stems. As a result, for the period extending from the end of February and the end of April, the ground backscatter attenuated by the canopy is the dominant mechanism[START_REF] Brown | High-resolution measurements of scattering in wheat canopies-Implications for crop parameter retrieval[END_REF][START_REF] Picard | Understanding C-band radar backscatter from wheat canopy using a multiple-scattering coherent model[END_REF]. At the beginning of the heading phase and during grain filling (between beginning of May and the end of June), the backscattering values start increasing due to the increase in direct scattering from ears and later from grain[START_REF] Picard | Understanding C-band radar backscatter from wheat canopy using a multiple-scattering coherent model[END_REF][START_REF] Mattia | Multitemporal C-band radar measurements on wheat fields[END_REF]. Therefore, for this period, the scattering from the upper canopy elements is the dominant mechanism[START_REF] Brown | High-resolution measurements of scattering in wheat canopies-Implications for crop parameter retrieval[END_REF]. From the end of June (NDVI < 0.7), the backscattering becomes sensitive to SSM due to the decrease of canopy attenuation associated with an increase of direct ground scattering. This decrease of canopy attenuation is due to vegetation drying[START_REF] Del Frate | Wheat cycle monitoring using radar data and a neural network trained by a model[END_REF]. For the grassland plot, until the beginning of April (NDVI < 0.7), the behavior of the SAR signal depends on soil moisture variations: it increases when the soil moisture increases following rainfall and decreases when the soil moisture decreases during days after a rainfall event. Between the beginning of April and the beginning of June (NDVI > 0.7), the C-VV decreases with time and is insensitive to soil moisture, which indicates that the attenuation of the SAR signal by the canopy dominates the soil contribution (the soil contribution is negligible). From the beginning of June (NDVI < 0.7), the SAR signal starts increasing due to vegetation drying and becomes sensitive to soil moisture. As a result, the C-VV backscattering is dominated by ground scattering when the NDVI of wheat and grasslands is less than 0.7, which corresponds to poorly developed and dry canopy cover. Finally, for an NDVI higher than 0.7 (very well-developed wheat and grassland cover), the C-VV is dominated by the vegetation attenuation and the soil contribution is negligible, which explains the insensitivity of the C-band to SSM for an NDVI > 0.7.
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 1 Characteristics of ALOS-2 images.

	SAR Dates dd/mm/yyyy	Polarizations	Incidence Angle ( • )	Pixel Size m × m
	02/10/2016	HH+HV	~37.5	6 × 6
	19/02/2017	HH+HV	~37.3	6 × 6
	02/04/2017	HH+HV+VH+VV	~37.4	3 × 3
	09/05/2017	HH+HV+VH+VV	~27.4	3 × 3
	16/07/2017	HH	~40.5	3 × 3
	15/09/2017	HH	~31.1	3 × 3
	01/10/2017	HH+HV	~37.5	6 × 6
	27/05/2018	HH+HV	~37.5	6 × 6
	22/06/2018	HH+HV	~30.9	6 × 6
	01/07/2018	HH+HV	~40.5	6 × 6
	15/07/2018	HH+HV	~40.5	6 × 6
	26/08/2018	HH+HV	~40.5	6 × 6
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