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Watching water: From sky and stream

Rating curve estimation

Future SWOT satellite (NASA/CNES) will provide river stage, slope and top width
* How to combine satellite remote sensing with ground discharge measurements to produce
streamflow time series?

* The mean bed elevation (hg) is identified better than

parameters that make the K, B \/E_ product
* The "h" and "hS" models usually yield smaller residuals

Model "h"
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Model "hSB"

Model "hS"
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