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General information

Total soil depth (SD,) plays a key role in supporting various ecosystem services and properties, including plant growth, water availability and carbon stocks.
Therefore, predictive mapping of SD, has been included as one of the deliverables within the GlobalSoilMap (GSM) project. In this work SD, was predicted for
France using 2 different methods 1) Data mining, including a bias correction + kriging of residuals (DM) and 2) Multi-Resolution Kriging for large datasets

(MrK).
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