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Optimal adaptation strategies to shocks on groundwater
Tresources.

Abstract

We consider an exogeneous and irreversible shock on a groundwater resource: a
decrease in the recharge rate of the aquifer. We compare optimal extraction paths and
social costs for optimal adaptation in two cases: under certainty, i.e. when the date of
occurrence of the shock is known and under uncertainty, when the date of occurrence
of the shock is a random variable. We show that the increase of uncertainty leads to a
decrease in precautionnary behaviour, in the short-run and in the long-run. Moreover,
we apply our model to the particular case of the Western la Mancha aquifer. We show
in this context that information aquisition may not be interesting for the manager of
the resource, at least when the shock occurs later in time.

JEL classification: C61,Q25.
Key words: Groundwater resource, optimal behavior, exogeneous shock,
uncertainty.

1 Introduction

Our study relates to the situation of a common groundwater resource, used by several
farmers for irrigation, which is subject to droughts (see Amigues [1], Zilberman and al.
[20]). The aquifer is managed by a social planner, the water agency, which seeks to adapt
optimally to these episodes of low precipitation. In a near future, the problem of low
precipitations may become more important, with the phenomenon of global warming. In
this context, the evolution of the natural system may be subject to abrupt changes which
can be qualified as "regime shifts". In this paper, we model this type of problem through
shocks in the dynamics of the resource, and we characterize the impact of the shock on
the optimal management of the water agency. In particular, we study the optimal path
of extraction, and we estimate the consequences of these adaptation strategies from an
ecological point of view, via the study of the aquifer level, and from an economic point of
view, via the calculation of social welfare.

To do so, we use a simple groundwater model, the Gisser and Sanchez [11] model (for
similar model frameworks, see for example Cummings [5] or Roseta-Palma (2002, 2003)
|15] [16]), in which we introduce two types of shocks: a deterministic shock at a given



date and a random shock which may occur with a certain probability. This shock may
correspond to a decrease in mean precipitations which leads to a decrease in the recharge
of the aquifer, or it may correspond to an abstraction of a certain amount of water which
is dedicated to other uses in case of a drought, such as the filling of drinking water reservoirs.

First, when the date of the shock is known, the intuition may be that the water agency
could prepare herself, with a strategy of more careful extraction. We will see that our
results contradict our initial intuitions and that extractions are more important in the
short-term. We can find this result in the existing literature (see Di Maria et al. 2012
[8]), in the context of polluting resources, where the phenomenon is known as the "an-
nouncement effect" or the "abundance effect”. Second, when the date of the shock is a
random variable, we may derive some intuitions on the type of solutions from the exist-
ing literature on catastrophic events, in the context of groundwater resource management,
(see Tsur and Zemel (1995,2004) [17], [19]), and pollution control (see Clarke and Reed
(1994) [4], Brozobic and Schlenker (2011) [2], Tsur and Zemel (1996) [18], and de Zeeuw
and Zemel (2012) [7]). Indeed, there is an extensive literature on the relationship between
precautionary behaviour and uncertainty: there are papers that show that an increase in
uncertainty leads to non-monotonic changes in precautionary behaviour (see Clarke and
Reed 1994 [4], Brozobic and Schlenker (2011) [2]), other papers show that an increase in
uncertainty leads to a decrease in precautionary behaviour (see Tsur and Zemel (1995,
2004) [17], [19]), and again other papers conclude that more uncertainty leads to an in-
crease in precautionary behaviour (see Zeuw and Zemel 2012 [7], Tsur and Zemel [19]).
Clarke and Reed find this non-monotonic relation for an irreversible event, which is exoge-
nous, Brozovic and Schlenker for a reversible event which is endogenous, i.e. occurs when
a threshold level is reached. Tsur et Zemel proved in [19], that the increase in uncertainty
leads to more intensive extractions, and thus lower levels of the long-term tablecloth of
the aquifer in the case of exogenous irreversible events. However, they also showed that
a more precautionary behavior can happen in the long-run when the event is exogenous
and reversible or when the event is endogenous. In contrast, in [7], Zeeuw et Zemel proved
that the introduction of a random jump in the damage function of a pollution control
model leads to more precautionary behaviour, both for endogenous events and irreversible
exogenous events.

In this article, we study irreversible exogenous events and analyse analytically the re-
lation between the caracteristics of the shock and the adaptation behavior in the long run
and the short run. We show that our results correspond to the solutions found by Tsur and
Zemel in [19], but our paper differs from [19] in several ways: First, Tsur and Zemel study
catastrophic events (such as saltwater intrusion) which render further use of the resource
impossible (unless restoration activites are undertaken). We are interested in a shock (on
the recharge rate) that does not hinder further exploitation. Second, Tsur and Zemel focus
on endogenous events. In that case, when the threshold level that triggers the event is
known, it is optimal to avoid the occurence of the event. In our study, the deterministic



exogenous shock can not be avoided. Lastly, when Tsur and Zemel consider a case with
an exogenous shock, they only compare the solution to the non-event solution. We are
interested in comparing the deterministic shock to the randomly occuring shock.

Moreover, we are interessed in applying our model to the Western la Mancha aquifer,
in the South of Spain. In this area, the state of the groundwater resources is preoccupying,
jeopardizing the maintainance of important ecosystem services (see Esteban and Albiac
(2011) [9] and Esteban and Dinar (2012) [10] for details). The average annual ground-
water recharge in this aquifer is 360 Millions of cubic meters. Unfortunately, in the last
decades, the aquifer has been subject to droughts. For example, in 1999, the recharge
rate has decreased by aproximatively 100 Millions of cubic meters. We have decided to
analyse the impact of shocks that have the magnitude of past variations in recharge rates,
but we study a lower benchmark problem with one variation in the recharge rate. Even
though we suppose that the water agency adapts optimally to these shocks, we show that
the costs to society are important, and can reach values of the order of several millions
of euros. Moreover, we want to know whether the water agency should try to forsee the
date of the shock or not. We show that it may not be interesting for the water agency to
aquire additional information on the occurence date of the shock, even if this information
were costless. Indeed, we show that information aquisition is only interesting, when the
shock takes place in the distant future. However, we confirm that it is always better for
the water agency to have an adaptative behavior, with or without knowledge on the date
of the shock, than not to prepare to the shock.

This paper is organized in the following way. In section 2, we remind the underlying
model, the Gisser and Sanchez model. We then introduce an exogenous shock which in-
corporates the idea of the lack of water, and we derive some theorical results. In section
3, we make a numeric illustration where we analyze optimal adaptation behavior and the
impact of the shock on social welfare, in the short run and in the long-run. Finally, in
section 4, we conclude and give some perspectives for future research.

2 The model

We base our analysis on the groundwater extraction model by Gisser and Sanchez, (see
[11]), where G(t) and g(t) are respectively the stock of the aquifer (in volume)! and water
pumping of the aquifer as a function of time?. We assume that

!G corresponds to the volume of water, and it is calculated multiplying H, the water table elevation
above sea level by, A*S, where A is the area of the aquifer and S is the storavity coeficient.

2We omit the time indicator in all following equations, whenever this is possible without causing mis-
understandings, in order to make equations more easily readable.



g=a—bp (1)
is a linear function that represents the demand for irrigation water, where p is the price
of water, and a,b are coefficients of the demand function, with a>0, b>0.
Consider a linear cost function for extractions costs:

C=z-cG,

where z are fixed costs, ¢ marginal pumping costs and z,c are coefficients of the linear
cost function, with z>0, c>0.
The dynamics of the aquifer,

G=—(-a)g+r (2)
depend on hydrological characteristics of the aquifer, where r is the recharge rate and « is
the return flow coefficient.

The total revenu of farmers, using the agricultural surface characterized by the demand
function of water, equation (1)), is then:

i a—g _a _iz
/p(g)dg—/b dg—bg 559

The problem of the social planner is to maximise the social welfare, that is the present
value of private revenus of farmers, with p, the discount rate, taking into account the
dynamics of the aquifer (see equation (2)), and subject to initial conditions and positivity
contraints:

max/ F(G,g) e " dt,
9() Jo

where,

a 1
F<G7.g> = gg - %92 - (Z - CG)97

G=—(1—-a)g+r,
G(0) = Gy given,

g=>0 G>0.
The full resolution of the problem is described in the Appendix (A.2).

In the following sections, we are going to introduce an exogeneous shock to our initial
model, the decrease in the recharge rate of the aquifer at the moment ¢,. First, we solve
the deterministic case where the moment of the shock t, is known, and second, we solve
the stochastic case where t,, is a random variable that follows an exponential distribution.



2.1 The deterministic case

We assume that there is a decrease in the recharge rate from r; to ro at the known instant
tq. Indeed, the main problem is to model the fact that the availability of water for irrigation
decreases from t,. This can happen because there is an estimation of a decrease in mean
precipitations or because of a specific extraction of water for other uses from ¢, on. In
theory, these ideas are equivalent and we can describe them as a decrease of the recharge
rate (see proof on appendix A.1).

We are interested in the optimal path of extractions in presence of this "dry period".
The problem of the social planner is now :

max/ F(G,g) e " dt,
9() Jo

where,
a 1
39 59 — (2= <Gy,

. A =-a)g+r if  t<t,
G_{ —(1—a)g+ry if  t>t,, (3)

G(0) = Go,ts given, 1 > To,

g>0 G > 0.

We can solve the problem in two steps. First, we find ¢(ta, Gy,), the scrap value
function that represents the maximisation between t, and oo, that is:

¢(ta, Gta) = rn(a)x/ F(G,g)e_p(t_ta)dt.
g\. ta

After this, our problem is to find G,g and G(t,) that maximise:

ta
| FGe e o, G,
0
We may write the Hamiltonian of this last problem:
H = F(Gvg) + ﬂ(_(l - Oé)g + Tl):

where 7 is the adjoint variable. We are now in a free-endpoint problem, with ¢, known and
need an additional transversality condition (see for example Léonard and Ngo van Long

[14]):

0¢(ta, Giq
m(ta) = ¢(62tat)-



The full resolution of this modified extraction problem is deferred to the Appendix, (A.3).

Now, we present some theorical results proved by studying analytical solutions of the

previous problems.
Let

e gip(t)(and G§p(t)) be optimal extractions and the stock of the simple problem
(ri =19 > 0);

e g% (t)(and G*(t)) be optimal extractions and the stock of the deterministic shock
T2 T2

when (ro = rl), where ry > 79 = rd > 0;

e g5 (t)(and G7,(t)) be optimal extractions and the stock of the deterministic shock
2 2

when (rg = r3), where 1 > 79 = r2 > 0.
Proposition 2.1 Ifry > ry >0, Gp(o0) > Gy, (00).

Proof:
As we can see in appendix A.2 and A.3, the steady state of the simple problem and

the steady state of the modified problem are given by equation (22) and (29) respectively,
with r = rq,

T1 1 a z

Gsp(o) = (1—a)cb + p  be ¢

* __ ™ | n_° Z
Gr,(o0) = (1—a)ch + p bc ¢’
50,
Gsp(00) — Gy, (00) = (r1 —72) ((1—on) + p) >0, (4)

and then, G§p(00) > Gy, (00).

According to proposition 2.1, the steady-state of the stock of the modified problem is
smaller than the steady-state of the stock of the simple problem. Indeed, when the shock
takes place, the resource is more exploited in the long term.

Proposition 2.2 Gy, (t,) is a decreasing monotonous function of ra, i.e., the optimal value
of the stock in t, decreases when the value of the shock increases, (when ro decreases).



We prove this analytically but expressions are too long to be given here. The proof is
available from the authors.

Proposition 2.2 states that the more important the value of the shock, the more ex-
ploited the resource in t,.

Proposition 2.3 Ifr; > 12, gip(00) > gy, (00), i.e., extractions are more conservative in
the long run, when the shock takes place.

Proof:

Gry (00) =
As 11 > 79, then, ggp(c0) > g7, (00).
Proposition 2.4 g; (0) is a decreasing monotonous function of ro = g5p(0) < g:% (0) <
g:Q(O), with, 11 > r3 > 13, that is, optimal extractions in t=0, increase the more important
2

the shock.

The proof is available from the autors.

Proposition 2.5 g;,(ta) is a decreasing monotonous function of 12 = gia < gl (ta) <
2

g;f% (ta), with, 71 > 1 > r2, that is, optimal evtractions in t = t,, increase the more

important the shock.

The proof is available from the autors.

1 fr% r1 frg

fa) =G, () - Coplta) =Gyt

Proposition 2.6 Tt
P

The proof is available from the autors.

2
Corolaire 1 G¢p(ta) — G:%(ta) = :L:z (G:%(ta) - ng(ta)), i.e., the distance between

optimal values of the stock in t,, G,

of different shocks.

for two different shocks, depends only on the values

This is the result of proposition 2.6.

Logically, as the moment of the shock, t,, is known, the difference (or distance) between
optimal solutions for different shocks in t,, depends only on the value of shocks.



2.2 The stochastic case

Now, the moment when the shock takes places (1), that is, the moment of the decrease
in the recharge rate, is a random variable.® Let fr(t) be the density function, and r(t)
the distribution function of T

with,

t
br(t) = /0 fx(@)d,

and

QT(t) =1- wT(t).
The problem of the social planner is now to maximise the expected value of total
revenus of farmers,

i B /0 e PE(Cg) dt) (5)

G —(l—-a)g+mr if t<T
| -Q-a)yg+re it t>T

G(0) = Gy given,

g>0 G > 0.

with the profit function F(G,g), as in the previous problem,

F(G,g) = 59—z =Gy (6)

Following the procedure used in Dasgupta and Heal (see [6]), let ¢(¢, G(t)) be the scrap
value function,

010, 6(8) =max [~ o2 DE(G(0). 1)
Equation (5) is equal to
fe’e) T
max [ (@) [ EGLpe eTHTL D) dT, (7)

S0:

3In what follows, we note T, = T for simplicity.



00 T 00
max [ (D[ PFG A AT+ [T M MHTGT) dT. (®
9() Jo 0 0
Solving by parts the first integral in the previous equation (8), we find that:
00 T oo
| @l e rEGea ar= [Te T mEGm.gr) dr
0 0 0

Equation (8) and hence equation (5) can be written as:

max [* e O(OP(GL) + 6 G e 9)
a() Jo

Next, we want to estimate the distribution of the random shock. Meteorological studies
showed that the gamma distribution gives a good estimation of annual recharges*, (see for
example Leizarowitz and Tsur [13]). To simplify the resolution of our stochastic problem
and to obtain analytical solutions, we choose an exponential distribution to estimate the
moment of the shock, that is a particular case of the law of gamma, (1, 6).

T follows now an exponential distribution, where fr(t), is the density fonction:

fr(t) =60e7% t =0..00

and, Qr(t) is the inverse of the distribution function,

Qrt)=e*  t=0.00

The problem of the social planner becomes:

max / e loro [F(G,g) 4 0¢(t,G)] dt (10)
9() Jo

G=—(1-a)g+mnr (11)

G(0) = Gy given, (12)

g>0 G>0. (13)

The full resolution of this modified extraction problem is deferred to the Appendix A 4.

It is important to know that the filling of the aquifer is made from seasonal rains.



3 Numerical application

In this section, we apply our problem to the Western la Mancha aquifer. We use real
values of parameters from several sources (e.g. Esteban and Albiac(2011) [9], Esteban and
Dinar(2012) [10]). This leads us to use the parameters values listed in table 1.

The Western la Mancha aquifer is located in Southeastern Spain. The development of
intensive irrigation agriculture in recent decades has led to an increase in groundwater
extractions and, as a consequence, the decrease in the water table. This problem has caused
significant damages to aquatic ecosystems and also to human uses downstream. Moreover,
the Western la Mancha aquifer has suffered from inefficient management regimes, (see for
details [9]). In presence of a dry period, this problem may become more acute.

Parameters Description Units Value

b Water demand slope Euros/Millions of m®>  0.097

a Water demand intercept Euros/Millions of m®>  4403.3

z Pumping costs intercept Euros/Millions of m®* 266000

c Pumping costs slope Euros/Millions of m®.  3.162

Millions of m?

o Return flow coefficient 0.2

r Natural recharge Millions of m? 360

Gy Current water table (in Millions of m? 80960
volume)

p Social discount rate % 0.05

Figure 1: Values of parameters of the Western la Mancha aquifer.

3.1 Optimal solutions for the deterministic case

We first give a numerical example of the deterministic case. Figure 2 depicts optimal solu-
tions of stock G*(t) (left-hand side) and water pumping ¢*(¢) (right-hand side) in millions
of cubic meters, for the initial problem described in section 2 (in green) and for different
values of the deterministic shock after the five first years of resource use, (i.e in ¢, = 5).
More specifically, we can see optimal solutions for a decrease in the recharge from an initial
level of 7= 360 to a level of ro= 330 (in red), 300 (in magenta) and 290 (in black) millions
of cubic meters (Mm?).?.

First, we note that the steady state of the stock and the water pumping is smaller
when r9 decreases. Hence the resource is driven to a lower level and extractions are more
conservative in the long-run. For example, the level of the resource decreases by 8000
Mm? (and extractions by 400 Mm3 respectively) for a shock of 7T0Mm3. Second, we can
observe that the resource is more exploited at the moment of the shock when the shock

®We have chosen t, = 5 years and the different values of the shock following the observations made in
the area in the 90s, (see [10] for details)

10
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Figure 2: G*(t)(left-hand side) et g*(¢)(right hand side) in ta=>5 years for different values
of 9 ,in millions of cubic meters.

is more important, i.e. G*(t,) decreases and g*(t,) increases by about 300 Mm?, when
ro decreases by about 70 Mm3. We can also confirm that the resource is more exploited
in the beginning of the exercice (i.e. for ¢ = 0), when the shock is more important: ¢*(0)
increases from 750 to 950 Mm?, when ry decreases by 70 Mm3. These results can illustrate
the above propositions 2.1, 2.2, 2.3, 2.4 and 2.5, proved in section 2.1.

We can also observe a surprising behaviour of optimal water pumping: when the shock
is more important (in black), there is an increase of extractions just before the occurence
of the shock. This result can be explained intuitively by the fact that when the shock is
important, the water agency does not have time to adapt to it quickly enough.

Next, in table 3, we calculated the social welfare for our numerical example. We notice
that social welfare increases in the first period (before t,, column 1) and decreases in the
second period (after t,, column 2) the more important the shock. Logically, the total social
welfare (column 3) decreases by about 67 Millions of euros, when the value of the shock
increases by 70 MmS3.

As a result, the theorical and numerical solutions make clear that in the first period,

there is an increase in extractions when the shock takes place. This happens in order to
accumulate gains and compensate the losses of the second period. In the second period,

11

100



Social Welfare [0, ta] [ta, o°] [0, e°] (1)/(3) (2)/(3)
(in millions of (1) (2) (3) (in %) (in %)
euros)
r, = 360 92 215 307 30 70
r, =330 102 174 276 37 63
r, = 300 112 137 249 45 55
r, =290 115 126 240 48 52

Figure 3: Social welfare for different values of r5 in t, = 5.

there is a decrease in extractions. However, the level of the resource is lowered in the
long-run, because of the behavior adopted in the first period.

3.2 Optimal solutions for the stochastic case

We now construct a numerical example for the stochastic case. T,, the moment of the shock,
is a random variable which follows an exponential distribution, that is the occurence of
shock is less probable in later time periods.

In figure 4, we can see the optimal solutions of stock G*(t) and extractions ¢g*(¢) in
millions of cubic meters, for the initial problem described in section 2 (in green) and for
different values of the stochastic shock (ro= 330 (in red), 290 (in magenta) and 100 (in
black) Mm?), when 6 = 0.01. More specifically, a shock that occurs before the end of the
fifth year would for example have a probability of 95 pourcent. In the right corner of the
figure, we can see a zoom of optimal extractions between t=0 and t=2 years.

First, we observe that as before, the steady state of the stock is smaller (of around 400
Mm?) but water pumping is the same in the long-run, when the shock is more important
(rg decreases). In the right corner of the figure, we can note that there is an increase in
extractions in ¢ = 0 if we compare the stochastic shock (in black) with the simple problem
without shock (in green). Furthermore, it is important to notice that for the stochastic
shock, the steady states of G(t) and g(t) are reached earlier that in the simple problem.
Thus, extractions are more intensive in the first years for the stochastic shock.

Second, we study optimal solutions for different values of 6, the parameter of the dis-
tribution function. In figure 5, we observe similar behaviour than in figure 4. When it is
more likely that the shock takes place in the first few years (, i.e. when 6 increases), there
is an increase in extractions (aproximatively 200 Mm3) in t = 0, and for this reason the
level of the resource is lowered in the long run.

12
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Figure 4: G*(t)(left-hand side) et g*(¢)(right hand side) for different values of 7o and
6 = 0.01. Upper Right-hand corner: zoom of g*(t) between ¢t = 0 and ¢t = 2 years.

Finally, we calculate social welfare for different scenarios of occurrence probability (0)
and values of the shock (r2). When the occurrence probability () is fixed, social welfare
decreases the more important the shock (, i.e. the higher 7). Likewise, when the value of
the shock (r9) is fixed, social welfare decreases the greater the probability that the shock
takes place in the first few years(, i.e. the higher 0).

3.3 Deterministic case vs. Stochastic case

In this section, we compare optimal solutions of the simple problem, the deterministic case
and the stochastic case.

The differences can be seen in Figure 7. We compare optimal solutions of the stock
G*(t) and extractions g*(t) for the initial problem described in section 2 (in green) for the
deterministic shock (in black) and for the stochastic shock (in magenta), when the value
of the shock is fixed (ro = 300). Focusing on the left-hand side of the figure, we note
that the level of the resource is (about 1000 Mm?3) smaller in the long run in case of the
deterministic shock than in the the case of the stochastic shock. In the short run, however,
the inverse holds: the stock is lower in the stochastic case than in the deterministic case.
On the other hand, in the right hand side of the figure, we can see that extractions at
the initial time are much bigger (of about 2500 Mm?) in the stochastic case than in the

13
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Figure 5: G*(t)(left-hand side) et g*(t)(right hand side) for different values of 6 and ry =
300 millions of cubic meters. Upper Right-hand corner: zoom of ¢g*(t) between ¢ = 0 and
t = 2 years.

Social Welfare ©=0.001 ©=0.01 ©=0.05
(in millions of
euros)
ry =12 =360 | 288 288 286
r, =330 288 285 275
r, = 300 288 281 265
r, =290 287 280 262

Figure 6: Social welfare for different values of 6 when ry = 300.

deterministic case, although extractions are similar and rather conservative in the long-run.

Next, we determine the difference (D) of the social welfare between the deterministic
case and the stochastic case, (see table 8). In absence of any shock and for a given value
of 0, we note that there is no difference between social welfares that occur at different
moments in time, e.g. for t, = 5 and ¢, = 50 years.5. However, if a shock occurs, we see

®Remember when 6 = 0.01, a shock that occurs before the end of the fifth year (or before the end of
the fiftieth year) would have a probability of 95 pourcent (or 60 pourcent respectively)

14
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Figure 7: G*(t)(left-hand side) et ¢g*(¢)(right hand side) for the simple problem(in green),
the deterministic shock(in black) and the stochastic shock(in magenta), when ro = 300
millions of cubic meters.

that D is almost always negative when ta = 5 and always positive when ta = 50. This
means that, when the shock takes place earlier (for example in t, = 5), the stochastic shock
is more profitable for the society, that is, it is more favorable to have some information on
the moment of the shock. In contrast, when the shock takes place later (for example in
te = 50), the deterministic shock is more profitable for the society, that is, it is better to
know the moment of the shock. Moreover, the sign of D does not depend on the probability
of occurence of the shock.

SWpc — SWc ©=0.001 ©=0.01 ©=0.05

(in millions of Ta=5 | Ta=50 | Ta=5 | Ta=50 | Ta=5 | Ta=50

euros)

ri =1 =360 19 19 19 19 21 21
r, = 330 -12 18 -9 21 1 31
r, = 300 -39 16 -32 23 -16 39
r, =290 -47 17 -40 24 -22 42

Figure 8: Difference between Social welfare of the deterministic case and the stochastic
case for different values of 6, ro = 300 and t,.

15
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For the water agency in the La Mancha basin, this means that it is not always interesting
to acquire more information on the occurence date of the shock, even if this information
was available. Indeed, in some cases, it is less costly for the water agency to adapt to a
randomly occurring shock rather than to a deterministic shock.

3.4 Adaptation vs. Non Adaptation

810004 G(t) BI0004 )

50000 50000

79000 79000

780001 78000

770001 e 77000 -
0 10 20 an 40 50 60 0 0 40 60 30

1 t

Figure 9: G*(t) for the problem of non-adaptation (in red) and adaptation (in green) in
te = 5 (left-hand side) and ¢, = 50 (right-hand side).

Finally, we computed the optimal solutions of our problem when the water agency ig-
nores the information about the occurrence of the shock, that is, the water agency does not
adapt to the shock. In this paper, we don’t write in details the analytical resolution of this
case. It is just necessary to say that the resolution of the problem consists in considering
two simple and infinity problems for the two different periods of the problem. Indeed, as
the water agency does not have any information about the shock until it happens, optimal
behaviour corresponds to optimal solutions of the simple problem (appendix A.2) with
r = r1, before the shock. In contrast, from the moment of occurrence of the shock (¢,),
optimal behaviour corresponds to optimal solutions of the simple problem, but now taking
into account the value of the shock (i.e r = ry).

Next, we compare the situation of non-adaptation (in red) to the situation with adap-

tation (in green), that is a case in which the water agency does adapt to the shock and
it corresponds to the problem of the deterministic shock descrived previously in section
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2.1. As depicted in figure 9, the resource is more heavily used in the short term when
the shock is anticipated (in green). Indeed, the level of the aquifer is bigger in the total
unertainty case than in the adaptation case: when t, = 5 (t, = 50), the long-term stock
is higher in about 100 Mm? (in about 400 Mm3). We observe in figure 10 that losses due
to non-adaptation are important in the short and long term. For example, we see that
total welfare losses from inadaptation are around 42 Millions of euros (respectively 15 M.
of euros), when the shock correspond to a decrease of the recharge in about 60 Mm?, and
takes place early in time , t, = 5,(respectively when it takes place later, t, = 50).

As a conclusion, it is interesting for the agency to take into account information about
the occurrence of the shock, although this information entails more intensive extraction
before the occurrence of the shock.

Social welfare [0,ta] [ta, o] Total

(in millions of

euros) ta=5 ta=50 | ta=5 ta=50 | ta=b5 ta=50
non-adaptation | 92 288 | 147 1 | 239 289
adaptation 97 289 | 184 15 | 281 304

Figure 10: Social welfare for the problem of non-adaptation and adaptation in t, = 5 and
ta = 50, for a shock of 60 Mm?3.

4 Conclusions and extensions

We conclude that from an ecological point of view, the increase of uncertainty leads to
more intensive extractions before the shock and more conservative extractions after the
shock, but a lowered level of the aquifer in the long run. Moreover, from an economic
point of view, this loss of information may lead to an increase or a decrease in social costs,
depending on the date of occurence of the shock.

There are various possible extensions to our paper. We can introduce a subsidy (or
more generally a taxation policy) in the second period of the problem to avoid the over-
exploitation of the resource, and then, calculate social costs of this environmental policy.
We can also study the impact of several successive changes in recharge rates: for example
the recharge could decrease because of decreased precipitations, as discussed above, but it
could then increase again, for example as a result of investments in desalinisation plants.
Finally, uncertainty about the extend of climate change may diminish over time: if new
information is acquired during the considered time period, we would need a new optimiza-
tion method, taking into account rolling horizons.

17



A  The model

A.1 Proof of equivalently of problems

If you want to introduce a decrease in the recharge rate in the dynamics of the resource,
we have to write equation (3), so:

Glt) = —(1—a)g+nr ?f t<tg
—(l—a)g+ry if t>t,
If there is an specific extraction of value A, from t,, caused by a need for other uses
(for example: water consumption), we can introduce a different dynamic of the aquifer,

[ —(I—-a)g+r if t<tq
G(t)_{ (l—a)g—(1—a)A+r if t>t, (14)
If we analyze the right-hand side of equation(14) from ¢,
G=—(1-a)g—(1-a)A+r= (15)
Gt)=—-(1-a)g—(1-—a)A+r= (16)
G(t)=(r—(1-a)4) — (1 -a)yg (17)

We can observe that the right-hand side of equation (17) is equivalent of the right-hand
side of equation (14) from t,, if,

7~2:r_(l—a)A:rl—(l—a)A:>7"1—7”2:(1—06)14, (18)

that is, if the decrease in the recharge rate is equal to the value of water extracted of

the aquifer for other uses, multiplied by the inverse of the return flow coefficient, so the

real "lack" of water. After this, we present only results for the problem of the decrease on
the recharge rate, caused by the equivalence of problems.

A.2 Resolution of the simple problem

The Hamiltonian (for interior solution) of this problem is given by:

H=F(G,g)+X—-(1-a)g+r),
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where A is the adjoint variable. Applying the maximum principle and supposing interior
solutions, we have the usual first order conditions:

OH a 1
. OH . Oc

From (19), we find the optimal extraction volume as a function of the resource stock
and the shadow price:
g=a—zb+ cbG — \b(1 — a). (21)

Substituting (21) into the equations of motion of the state (2) and adjoint variable (20),
we have the following dynamic system:

G = C1—cbG + Mb(1 — a),
A=02—bG + (cb+ p)A,

with C1 and C2 constants, and G(0) = Gy, which allows us to find the roots of the

characteristic polynom:
p £/ p?+ 4cbp
P12 = .
’ 2

We can also find the steady state of the system, for G = 0 and A = 0:

ror a z
Go=—+—-———+-, 22
cb+p cb+c (22)

Aoo = C1/p. (23)

Equation (22) results from substitution of (21) into the equation of motion of the state
variable (2) and equation (23) results from substitution of (21) and (19) into (20).
Finally, we have the optimal extraction paths, with ps, the negatif root:

Gip(t) = e”"(Go — Goo) + Goos (24)
and cr. cr
Nsp(t) = e (Ao — ;) + s (25)

1
)\0 = % —z+ CG() — E(T — pQ(GO — Goo)),

which we find with (2) and (19).
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A.3 Resolution of the modified extraction problem

To solve this problem, we will separate it in two parts and proceed by backward induction.
First, we solve the maximisation between t, and infinity, proceeding as in (A.2).
We have the functions:

G7—!—2 (t) = ep2(t_ta)(Gta - Goo) + Goo, (26)

_ cr cr
AL (1) = (T (0 — =) + =2, (27)

p p
g (1) = k1 — k2er2(t=ta), (28)

with,
k1l = T2,
k2 = pZ(Gta - Goo)a
and,

T9 T9 a z
CGoo=2412_ 9,2 29
o cb+p cb+c’ (29)

1
Mg = % — 24+ cGig — % + EPQ(GM - Goo)a Gt, unknown. (30)

Substituting (26),(27) and (28) into the objective function, we can compute the scrap
value: ¢(ta,Gyq).

We can now turn to the second part of the problem, between 0 et t,, considering the
optimal solution of the first part. We know that the solutions of the problem are of the
shape:

G, (t) = Ae”" + Be”' + C,
An (t) = De”* + Ee”' +F.
We have differential equations (2), (20) and the conditions
G, (0)=A+ B+ C = Gy, (31)
7T(ta) — Deplta 4 Eepgta + F — 5¢(ta, Gta>’ (32)
6Gta
r=ry, and G, (t,) = G;; (ta) (33)

This constitutes a system of 6 equations and 6 unknowns, which we can solve to find op-
timal solutions of the problem for the first period, between 0 and t,7.

"We do not detail analytical solutions because equations are too long. They are available from the
authors
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A.4 Resolution of the stochastic problem

To solve this problem, we can use the dynamic programing principle. The value fonc-
tion V(t,G) has to verify the hamilton-jacobi-bellmann equation (see for resolution details
Kamien and Schwartz [12] and Caputo [3] ):

(p+O)V(t,G) = Hgl(&}fF(G, 9) +06(t,G) + Va(t, G)(r1 — (1 — a)g) (34)

with,
V(t,G) = AG? + BG + C,

and,

o(t,G) = 0 +7G +vG?, proved and available from the authors.
First, we find the optimal extraction path, g§., for the right-side of equation (34),

gio :b(%—z+cG—2(1—a)AG— (1 - a)B). (35)

After the substitution of g¢, in (34), by equalizing the right-side and left-side of equa-
tion 34), we find the optimal coefficients A,B,C of the value fonction V (¢, G). Next, sub-
stituting optimal values A,B,C in equation (35), we find the optimal path of extractions.

Finally, substituting equation (35) in the equation of the dynamic of the aquifer, we

can solve the differential equation (11), with initial condition (12) and obtain the optimal

value of stock, for the stochastic case®.

®We do not detail analytical solutions because equations are too long. They are available from the
authors

21



References

1]

2]

3]

4]

[5]

[6]

7]

8]

9]

[10]

[11]

[12]

[13]

Amigues, J.-P., Debaeke, P., Ttier, B., Lemaire, G., Seguin, B., Tardieu, F. et Thomas,
A 2006. Sécheresse et agriculture - réduire la vulnérabilité de I’agriculture a un risque
accru de manque d’eau. Expertise scientifique collective, INRA, MAP

Brozobic, N., Schlenker, W., 2011, Optimal management of an ecosystem with an
unknown threshold, Ecological economics, 70, 627-640.

Caputo, M., R., 2005, Foundations of Dynamic Economic Analysis: Optimal Control
Theory and Applications, Cambridge University Press, 579 p.

Clarke, H., R., Reed, W., J., 1994, Consumption/pollution tradeoffs in an environ-
mental vulnerable to pollution-related catastrophic collapse, Journal of Economics
Dynamics and Control, 18, 991-1010.

Cummings, R. G., 1971, Optimum Exploitation of Groundwater Reserves with Salt-
water Intrusion, Water Resources Research 7 (6), 1415-1424.

Dasgupta, P.,Heal, G., 1974, The Optimal Depletion of Exhaustible Resources, The
revue of economic studies, 41, 3-28.

De Zeeuw, A., Zemel, A., 2012, Regime shifts and uncertainty in pollution control,
Journal of Economic Dynamics and Control, 36, 939-950.

Di Maria, C.,Smulders,S.,Van Der Werf, E., 2012, Absolute abundance and relative
scarcity: Environmental policy with implementation lags, Ecological Economics, 74,
104-119.

Esteban, E., Albiac, J., 2011, Groundwater and ecosystems damages: Questioning the
Gisser-Sanchez effect, Ecological Economics 70, 2062-2069.

Esteban, E., Dinar, A., 2012, Groundwater-dependent ecosystems: How does the type
if ecosystem affect the optimal management strategy, Working paper.

Gisser, M., Sanchez, D.A., 1980, Competition versus optimal control in groundwater
pumping, Water Resources Research 31, 638-642.

Kamien, M., I., Schwartz, N., L., 1991, Dynamic Optimization: The Calculus of Vari-
ations and Optimal Control in Economics and Management, second edition, Advanced
Textbooks in Economics (31), 377 p.

Leizarowitz, A., Tsur, Y., 2012, Renewable resource management with stochastic
recharge and environmental threats, Journal of Economic Dynamics and Control, 36,
736-753.

22



[14] Léonard, D., Long, N.V.; 1992, Optimal Control Theory and Static Optimization in
Economics, Cambridge University Press, 353 p.

[15] Roseta-Palma, C., 2002, Groundwater Management When Water Quality Is Endoge-
nous, Journal of Envrionmental Economics and Management 44, 93-105.

[16] Roseta-Palma, C., 2003, Joint Quantity /Quality Management of Groundwater, En-
vrionmental and Resource Economics 26, 89-106.

[17] Tsur, Y., Zemel, A., 1995, Uncertainty and irreversibility in groundwater resource
management, Journal of Environmental Economics and Management, 29,149-161.

[18] Tsur, Y., Zemel, A., 1996, Accounting for global warming risks: Resource management
under event uncertainty, Journal of Economic Dynamics and Control, 20, 1289-1305.

[19] Tsur, Y., Zemel, A., 2004, Endangered aquifers: Groundwater management under
threats of catastrophic events, Water Resources Research 40, 1-10.

[20] Zilberman, D., Dinar, A., MacDougall, N., Khanna, M., Brown, C., Castillo, F., 2003,
Individual and institutional responses to the drought: the case of california agriculture,
Working Paper, Dept. of Agr. and Res. Econ., University of California, Berkeley.

23



	Introduction
	The model
	The deterministic case
	The stochastic case

	Numerical application
	Optimal solutions for the deterministic case
	Optimal solutions for the stochastic case
	Deterministic case vs. Stochastic case
	Adaptation vs. Non Adaptation

	Conclusions and extensions
	The model
	Proof of equivalently of problems
	Resolution of the simple problem
	Resolution of the modified extraction problem
	Resolution of the stochastic problem


